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Sehr geehrte Listenmitglieder, auch in der Japanologie gibt es recht viele Initiativen fir digitale
Anwendungen in Forschung und Lehre. Die Anklindigung von Herrn Voigtmann (Japanologie Univ.
Frankfurt a.M.) von heute ist nur eines von vielen Beispielen. Aber kommt dabei das "deep
reading"” eines Textes und die darauf aufbauende Interpretation nicht zu kurz? Oder habe ich das
missverstanden, denn es scheint bei dieser Veranstaltung gar nicht ums Lesen und Interpretieren
zu gehen, sondern um Social Network Analysis mittels digitaler Techniken. Zu diesem Thema passt
jedoch irgendwie der gestern in der FAZ erschienene Text von Ridiger Gorner. Siehe hier:
https://www.faz.net/aktuell/feuilleton/hoch-schule/wenn-die-saat-des-digitalen-aufgeht-digital-
humanities-16255522.html Darin heiRt es: "Das ,deep reading” sei verschwunden (Nietzsche
sprach vom ,langsamen Lesen” als einer Kulturtechnik, ohne die es weder kritisches Bewusstsein
noch dsthetisches Vergnligen geben konne) und damit das eigenstandige Sicherarbeiten von
Textverstandnis. Der kanadische Romancier und Beobachter dieses Kongresses, Stephen Marche,
befand dazu neulich im ,Times Literary Supplement”, dass selbst Gebildete zunehmend unwillig
seien, zwischen falschlicher und geprifter Information zu unterscheiden, und zu einer
Gemeinschaft von Menschen werden, die sich selbst nur noch als eine Ansammlung von
undifferenzierten und uninterpretierten Ziffern verstehen. Die blol3e Existenz von Instrumentarien
wie Facebook belege, was geschehe, wenn wir unsere Kommunikationsformen reinen
Technokonstrukteuren UberlieRen." Vielleicht macht dieser Artikel sensibel fiir die andere, auf der
Frankfurter Veranstaltung nicht im Zentrum stehende Frage, ob die instrumentelle / digitale
Nutzung von Texten japanischer Autoren nicht auch in der Japanologie das eigene "Sich-Erarbeiten
von Textverstandnis" eher verhindert als dass es erleichtert wirde. "Netzwerke von Gelehrten und
Autoren digital darstellen", oder aber "Textverstandnis erarbeiten" - Ist beides gleich wichtig fur die
Japanologie? Ist das eine wichtiger und dringlicher als das andere? Mit besten Grifen, Wolfgang
Seifert
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,Digital humanities: the rise of a new academic discipline” (2018)
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BMBF 2018:
Digital humanities: the rise of a new academic discipline

¢ ComPUteriSEd access to sources: mManuscripts, images

and archaeological artefacts are scanned and prepared for online access. The
Cuneiform Digital Library for example contains tens of thousands of cuneiform
scripts from collections worldwide, complete with transcriptions of the
inscriptions and information about where they were found and their dating.
This is a project that was initiated back in the 1990s by the Max Planck
Institute for the History of Science in Berlin and the University of California in
Los Angeles.

* Data mining and visualisation: data analysis and data

processing are other fields in the digital humanities. One example is the Leibniz
ScienceCampus "Empirical Linguistics & Computational Language Modeling", where new
methods of recording and analysing digital language documents are being developed.

* Digital research environments for humanities
and social science scholars: me rextcrid piatform was the first

virtual research environment to be set up for the humanities in Germany. Funded by
Germany’s Federal Ministry of Education and Research (BMBF), the platform has been
assisting researchers, particularly with the creation of digital editions, since the summer of
2011.




BMBF Newsletter Aug 2018:

Digital humanities: the rise of a new academic discipline
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¢ COmpUteriSEd access to SoUrces: mManuscripts, images

and archaeological artefacts are scanned and prepared for online access. The
Cuneiform Digital Library for example contains tens of thousands of cuneiform
scripts from collections worldwide, complete with transcriptions of the
inscriptions and information about where they were found and their dating.
This is a project that was initiated back in the 1990s by the Max Planck
Institute for the History of Science in Berlin and the University of California in

Los Angeles.
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BMBF 2018:
Digital humanities: the rise of a new academic discipline

¢ Data mining and Visualisation: data analysis and data

processing are other fields in the digital humanities.
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BMBF 2018:
Digital humanities: the rise of a new academic discipline

* Digital research environments for humanities
and SOCiaI SCience SChOIarS:The TextGrid platform was the first

virtual research environment to be set up for the humanities in Germany. Funded by
Germany’s Federal Ministry of Education and Research (BMBF), the platform has been
assisting researchers, particularly with the creation of digital editions, since the summer of
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BMBF 2018:
Digital humanities: the rise of a new academic discipline

DARIAH-DE Digital Forschungsstruktur fir die

Geistes- und Kulturwissenschaften
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s Johann Wolfgang von Goethe
cosmotool

*28. August 1749
T 22. Marz 1832

cosmotool  Biographische Daten

Biographische Daten | from structured data

Zeitleiste / Ereignis-Details
7SS ()Gt - Ereignis 5
Frankfurt am Main

aus Textanalyse: Dresden
1749-8-28 (2) aus Textanalyse O
Goethe-Haus

Textstelle: “Auf Oesers Empfehlung
besuchte er im Marz 1768 Dresden und die
Gemaldegalerie. "

1749-8-28 (3) aus Textanalyse ‘

Frankfurter Grof3en Hirschgraben Quelle: hitp://de wikipedia.org
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Universitat Strafburg 27,4044
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Data Modeling Environment
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DARIAH-DE Data Modeling Environment (DME) »
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* Beispiel: Transkribus
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 Armin Hoenen: An open problem in computational
stemmatology - a model for contamination (2020)
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Contamination

Horizontal transmission

A DAG (directed acyclic graph)
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* Bastian Voigtmann M.A.
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>>|ibrary(stylo)
>>stylo()

Eder, M., Rybicki, J. and Kestemont, M. (2016).
Stylometry with R: a package for computational text
analysis. R Journal, 8(1): 107-121, url: https://
journal.r-project.org/archive/2016/RJ-2016-007/
index.html
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Vortrag DA 2
Cluster Analysis

\ Naitou Chisou_Chokugo zokkun
Naitou Chisou_Chokugo kaishaku

\ Tsutsui Meishun_Chokugo shikai

Kal Yoriyoshi_Chokugo fuukai michi no hikari
Namatame Tsunenori_Seikun jutsugi
| | | |

1.5 1.0 0.5 0.0

1000 MFC 3-grams Culled @ 0%
Classic Delta distance

Latavama Kumatarou Kvoulku chokuao rvakka
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* Digital Approaches 4000, 20./21.08.19

e Bastian Voigtmann (Frankfurt)
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Koray Birenheide
DemiScriptDEFE (T 0T S227)

* Planning and Implementation of a Digital
Transcription and Annotation Software using
Joomla! CMS and current Academic and Web

Standards



The Digital Corpus System: DemiScript
Utilized Web Technolgies

Involved languages are PHP, HTMLS5, CSS3,
XML and JavaScript

Joomla!: Advantages of a Content
Management System

IIIF Server

Utilized Libraries: JQuery, JQueryUI,
OpenSeadragon und Fabric.js



The Digital Corpus System: DemiScript Compiling
and Management of Digitized Documents
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The Future of the Project
Photoshop Mock-ups

[_1 ] Image Section: Mountain
| 2 |Image Section: Bridge
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* Luke Roberts: Mercantilism in a Japanese Domain, 1998: 200.

The eccentric Kaiho (Kaibo) Seiryd (1755-1817) was an
independent scholar who gave economic advice to a number of
domains in the early nineteenth century. When Kaiho wrote his
treatise Keiko dan sometime after 1811, he performed
impressive and humorous verbal acrobatics by substituting the
character “profit” (ri) for “principle” (ri) as a guide to good
government. He stood the Confucian verities on their heads and
turned the proper management of profit into a public activity of
the highest order. The world had changed such that his festive
inversion could not be taken purely as joke, and yet because the
rhetoric was so subversive, he could not be taken in full
seriousness by contemporaries or even some modern.
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/NOT 41— Simon Dentith identifies two characteristics: it
works as a conservative force ,,in the way that it is used to
mock literary and social innovation, policing the boundaries
of the sayable,” but it can also be subversive in that it
,attacks the official word, mocks the pretensions of
autorative discourse, and undermines the seriousnes”
through which domination is achieved. (Parody, 2000: 20)
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— Franco Moretti , distant reading vs. Close reading”

— Sara Kerr®Jane Austenfiff 3%



F. Morett

Style, Inc.: Reflections on 7,000 Titles 183
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Figure 2: British novels 1740-1850, standard deviation from the mean
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RstudiolZ& 573 #7 1. word2vec

e

EERDERLEDEEEEZAIY . BEE
RRIET D

S

/|

[ %

feoe RStudio
Cl-2- 8 & *  Addins - K Project: (None) ~
ntitled1* O] mySeript.R x ) seript.R ] NewScript.R x 7 Seiryo_Analyse.R 0 Untitled2* » = Environment  History —
14 Source on Save QL . ~# Run % Source ~ ¢ @ _*imponDataset ~ § List ~
73 %) Clobal Environment ~
74 ja <- train_word2vec("/Users/mkinski/Episteme/Digital Humanities/Sara/Austen_Texts/Chopter xeikodan chr [1:3] NA NA NA
75 output Results/No‘.'e..b‘.r.\ , threads = 3, rel_freqs_shokuhodan Named nus 100
76 vectors = 100, window = 15)
77 shokuhodan FAERNRROE, ARt/ 37 FL T/ L
78 ~ w2v_aonalysis <- function(vsm, words, seed, path, ref_name) { shokuhodan_freqs ‘table’ int [1(1d)] 1
79 # Set the seed showhodon_stop chr [11‘0] /% sme ape sge e e .'.. "EJ" AT
80 Lf (Imissing(seed)) sorted_shokuhodan Named int 1
81 set.seed(seed) strat &
82
83 # Identify the nearest 10 words to the average vector of search terms Functions
£4 ten <- nearest_to(vsm, vsm[[words))) Files Plots Packages Help Viewer =
85
86 # Identify the nearest 500 words to the average vector of search terms and — #" Zoom & Export ~ Q -'/ S Publish ~
87 # save as a .txt file
B8 main <- nearest_to(vsm, vsm[[words)], 500)
89 wordlist < namesimain)
aa
251 (Top Level) R Script -«
g 2
Console — i
' ®? o
+ new_ list <~ list("Ten nearest” = ten, “Status™ = “Analysis Complete”) 8
+ return(new_list) g SN PN
v 2 —
[}
+} ﬁ
» strat<-c("KLE") | g -
> wev_onalysis(ja, strat, 42, "Results/", "Stratawzv®) 8
$'Ten nearest’ E o |
[ &4 5k BA o R ®A LR @ = T T T T 1
6.661338e-16 1.975418¢-01 2.486574¢-01 2.726255¢-01 2.804082¢-01 2.995084¢-01 3.053732¢-01
P a e 0 10 20 30 40 50
3.084306e-01 3.164593e-01 3.194437e-01
Index




8 0 O RStudio "
Q- - B2+ ~ | Addins ~ &) project: (None) ~
@7 Untitled1* x @] Untitled2* x ] 7_Word_Vectors.R x @] debugFunction.R * @] NewScriptR ¥ @ debugFunction2.R % @ debugFinQR* % » =[] Environment  History =0
=) 41 @ (Jsource on save Q -l &l - ~#Run | 5% [ #HSource ~v| = &2 [ | . Import Dataset + | ¥ List v | (&
e U = 7 T T T Iy DT TG SN S Wy M ST TS A Ty S ST T E LSy T SWE Sy TNV T e Ty S
15 vectors = 100, window = 15,force=TRUE) D Global Environment ~
16 words<-c("EH") Data
17 main <- nearest_to(vsm, vsm[[words]], 50@) Qdf 92 obs. of 2 variables @
18 wordlist <- names(main) T
19 new_model <- vsm[[wordlist, average = F]] "
20 reduction <- Rtsne(as.matrix(new_model), dims = 2, initial_dims = 50, filepath “Results/TestStrata”
21 perplexity = 30, theta = 0.5, check_duplicates = F, main Named num [1:92] 1.33e-15 9.14e-03 3.01e-02 3.90e-02 4.68e-02 ...
22 pca = F, max_iter = 100@, verbose = F, © new_model Formal class VectorSpaceModel
23 is_distance = F, Y_init = NULL) path “Results/"
24 s Py
25 df <- as.data.frame(reduction$Y) O reduction List of 13
26 rows <- rownames(new_model) ref_name “TestStrata”
27 rownames(df) <- rows #wenn man das Uberspringt werden Zahlen geplottet rows chr [1:92] "</s>" "o " ", " 41" "B ANLT TR tURET EITT "R
28 Encoding(rows)<-"UTF-8" D vsm Formal class VectorSpaceModel
29 filepath <- pasted("Results/", "TestStrata") wordlist chr [1:92] "RB3" "ZE" "HREE" CHRMC RET “fE" CEEC LTt CE MEHENT .
30 # Save dataframe as .csv file words ER
31 write.csv(df, paste@(filepath, ".csv"))
32
33 #jetzt den plot; ggf. missten Sie noch die quartz HiraMaru zeile voransetzen und das theme
34 ref_name<-"TestStrata"
35 path<-"Results/"
36 theme_set(theme_classic(base_size = 18, base_family = "HiraKakuProN-w3"))
37 ggplot(df, aes(x = V1, y = V2, label = rows)) + Files Plots Packages Help Viewer ==l
38 geom_point(size=2, color = "red") + - = : =
39 geom_text_repel(size = 8, family = "HiraKakuProN-W3") + @ £ zoom | Hexport - | O] | & Publish ~ | (&
o xlab("Dimension 1) + 2D reduction of VSM TestStrata using t_SNE
41 ylab("Dimension 2 ") + -
42 # geom_text(fontface = 2, alpha = .8) + E
43 theme_bw(base_size = 12) + %
44 theme(legend.position = "none") + IEt:t— jj_. —F
45 ggtitle(paste@("2D reduction of VSM ", ref_name,” using t_SNE"))
s Ex EJC 2NN
47 ggsave(paste@(ref_name, ".jpeg"), path = path, width = L4 i -
48 height = 18, dpi = 100)| \ /\\\ b ° =
49 2.5- = — J % > g
50 i ! N
48:39 | (Top Level) + R Script & ﬁ/S\ gz—g- ﬁ _F % % E ﬁﬂi
Console /Frankfurt/Episteme/DH Projekt/Sara/Austen_Texts/Chapter_Files/ =0 / % \:ﬂ:
> wordlist <- names(main) E i E& 63 —_— /r--lﬁ
> new_model <- vsm[[wordlist, average = F]] ,_._|=.= @qﬂ {:tﬁ C 3FQ_
> reduction <- Rtsne(as.matrix(new_model), dims = 2, initial_dims = 50, K'_L':
+ perplexity = 30, theta = @.5, check_duplicates = F,
+ pca = F, max_iter = 1000, verbose = F, ~ 0'0' L/ .'g- -F““ —%Eiﬁj W
* is_distance = F, Y_init = NULL) s g 5" 7‘%{
> df <- as.data.frame(reductionsY) ‘g %{ x 6 , /RLLI/ Lj T
> rows <- rownames(new_model) g \ﬁ?E w é’ L
> rownames(df) <- rows #wenn man das Uberspringt werden Zahlen geplottet a3 \Eéx_t Lj' o)g Lﬁ /{T w
> Encoding(rows)<-"UTF-8" ?‘—E]-
> filepath <- paste@("Results/", "TestStrata™) \% E&‘(_ /**%i
> write.csv(df, paste@(filepath, ".csv")) /. B Ij\]
> ref_name<-"TestStrata" 257 ﬁ }%_l *L, (=]
> path<-"Results/"
> theme_set(theme_classic(base_size = 18, base_family = "HiraKakuProN-w3")) i (\:\.‘ ﬁ%ﬁz
> ggplot(df, aes(x = V1, y = V2, label = rows)) + d‘
+ geom_point(size=2, color = "red") +
+ geom_text_repel(size = 8, family = "HiraKakuProN-W3") + 2
+ xlab("Dimension 1") + 7}( "4
+ ylab("Dimension 2 ") + 2K
+ # geom_text(fontface = 2, alpha = .8) + -5.04
+ theme_bw(base_size = 12) + </S A}L;
+ theme(legend.position = "none") + on
+ ggtitle(pasted("2D reduction of VSM ", ref_name," using t_SNE")) *UE
> ggsave(paste@(ref_name, ".jpeg"), path = path, width = : : +
+ height = 18, dpi = 100) 5.0 25 25
>

Dimension 1
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Rstudio: 3 HTHE R

| ¥ Addins ~

@-l 8 3 2|(Acwnt

kenize.R ¥ @7 JapSeiryo.R ¥ = (7 Meikai Experiment Berlin.R* »
a) SourceonSave @ Q /v i~
ycwi_puLuiic oslecro ) T
geom_text(aes(label=authors, family="HiraKakuProN-W3"), hjust="inward", vjust="inward",
theme(axis.text.x=element_blank(),
axis.ticks.x=element_blank(),
axis.text.y=element_blank(),
axis.ticks.y=element_blank(),
legend.title=element_blank()) +
xlab("Coordinate 1") +
ylab("Coordinate 2")

3] debugFinQ.R %
% Run

(7] Meikai Experi 3> =[]

o9 | | #Source ~| =

|¢impor‘t dendrogram library
library(ggdendro)

#run the HCA function on our distance matrix, using the "ave" method

A WNEHEOWOONOU A WNREC

(Top Level) = R Script =

=0

sole ~/Episteme/Digital Humanities/Sara/Austen_Texts/Chapter_Files/
<= TLL3pULNILS, L]

<- fitSpoints[,2]

s_data <- data.frame(cbind(x, y, authors, titles))

brary(ggplot2)

plot(data=mds_data, aes(x = X, ¥ = y)) +

geom_point(size=2) +

geom_text(aes(label=authors, family="HiraKakuProN-W3"), hjust="inward", vjust="inward", size

+

theme(axis.text.x=element_blank(),
axis.ticks.x=element_blank(),
axis.text.y=element_blank(),
axis.ticks.y=element_blank(),
legend.title=element_blank()) +

xlab("Coordinate 1") +

ylab("Coordinate 2")

] Project: (No

Environment  History -
<% [ [ #Import Dataset ~  § List ~
7} Global Environment ~
@ mds_data 53 obs. of 4 variables
D Meikai.df 53 obs. of 5 variables t
O Meiroku50.df 50 obs. of 5 variables ¢
© nostop.norm. df 53 obs. of 10540 variables
© nostop.tfidf.df 53 obs. of 10540 variables
@ ordered. freq.df 10556 obs. of 2 variables 1
@ reduced.norm.df 53 obs. of 3095 variables £
Files Plots Packages Help Viewer -
5 zoom - HExport ~ @ ¥ ‘%, Publish ~
MLz ==ty
wa® o Sty
*ry e em® B
@z [ e o
- L - -
Ormut Semme 1
Sumaz i g rh
~ mpy o
% % . il = at: =
5 o S STHIH
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=~ B @ = ~ Go to file/function 55l | Addins ~
enize.R ¥ (] JapSeiryo.R ¥ @7 Meikai Experiment Berlin.R* % | ] debugFinQ.R ¥ @] Meikai Experi > == [ Environment  History
A1 @ [JsourceonSave = Q A~ il ~ [=®»Run | 59 | [ ¥ Source ~ & [ | (2 Import Dataset ~

PILU_UU LU 7 I LUuDS L CuC_ULo L v LA,
#add our metadata labels
hca_data$labels <- authors

uve
7} Global Environment ~

Values
#set the font first authors
theme_set(theme_gray(base_size=12, base_family="HiraKakuProN-w3")) Complete.meikai

@ Complete.meikai.spl..
euc_dist_matrix

O fit

@ hca_data

#now plot with font size = 2 and rotate the plot 90 degrees

#cut the dendrogram into 2 subtrees; try with other values of k
plotChca_data)
rect.hclustChca_data, k=2)

Files

@

Plots Packages

.@ Zoom

14| Export v

?x Project: (N

4

¥ List ~

chr [1:53] "&EF" "SRRE" "NkLz" "REL" "REHRE"
"¥FEUTERE E BYS5 0 R = F B AR == |
Large character (96045 elements, 1.2 Mb)

Class 'dist' atomic [1:1378] 1.9 2.3 2.12 3.48 1.74 ..
List of 5

List of 7

Help Viewer q

Q| &

‘S, Publish ~

)
>
7
3
)
)
|
:
3 ggdendrogramChca_data, rotate = TRUE, size = 2)
3
>
>
7
3
)
)
1

(Top Level) + R Script +

=0

;ole ~/Episteme/Digital Humanities/Sara/Austen_Texts/Chapter_Files/ =

JEVIN_PULNIL (S LLE=L ) +

jeom_text(aes(label=authors, family="HiraKakuProN-W3"), hjust="inward", vjust="inward", size

-

-heme(axis.text.x=element_blank(),

axis.ticks.x=element_blank(),

axis.text.y=element_blank(),

axis.ticks.y=element_blank(),

legend.title=element_blank()) +

(lab("Coordinate 1") +

/lab("Coordinate 2")

yrary(ggdendro)

1_data <- hclust(euc_dist_matrix, "ave")

1_dataSlabels <- authors

me_set(theme_gray(base_size=12, base_family="HiraKakuProN-w3"))
lendrogramChca_data, rotate = TRUE, size = 2)




00 RStudio
Ql-c~-| B B & |[ A Gotofilesfunction 25 v Addins ~ [R] project: (None) ~
Jntitled1* % @] Experiment 2.R % @] Meikail81207.R ¥ (] Meirokull.R* % =GO stri_count_regex * 3 e[ Environment History =
] &1 | [JsourceonSave | Q A~ i1 ~ =% Run | [5% | [ #Source ~| = &% [ | % Import Dataset v | 3 = sty | @&
159 hca_data <- hclust(euc_dist_matrix, "ave") ) Global Environment ~ Q
160 #add our metadata labels otr 10 obs. of 348/ variables &=
161 hca_data$labels <- authors
162 Values
163 #set the font first authors chr [1:53] "&=@" "EREE" "MLz "HEL" RENE".
164 theme_set(theme_gray(base_size=12, base_family="HiraKakuProN-w3")) Complete.meikai "¥FF 2L TCEE 2 BISO0OR HE B EE AR Z= .
165 Complete.meikai.spl..chr [1:15351] "#=" "&" "L" "T" "EFE" "£" "B¥3" .
166  #now plot with font size = 2 and rotate the plot 90 degrees euc_dist_matrix Class 'dist’ atomic [1:45] 2.08 2.31 2.38 2.94 1.59 ...
167 ggdendrogram(hca_data, rotate = TRUE, size = 2) O fit List of 5
168
169 @ hca_data List of 7
170 #cut the dendrogram into 2 subtrees; try with other values of k .
171 plot(hca_data) Files Plots Packages Help Viewer P |
% 1 =
172 rect.hclust(hca_data, k=2) @ & zoom | EHExport v | @ | 4 Publish ~ | (&
173
174 BRI
170:1  (Top Level) + R Script +
#a1L
Console ~/Episteme/Digital Humanities/Sara/Austen_Texts/Chapter_Files/ ~ =
ze=3) + i)
+ theme(axis.text.x=element_blank(),
+ axis.ticks.x=element_blank(), & -
+ axis.text.y=element_blank(), o bt
+ axis.ticks.y=element_blank(), I
+ legend.title=element_blank()) + #HAE
+ xlab("Coordinate 1") +
+ ylab("Coordinate 2") HAEIL
EEAXAvE—Y:
Removed 42 rows containing missing values (geom_text). hnEEshZ.
> library(ggdendro) . X
> hca_data <- hclust(euc_dist_matrix, "ave") AHEE
> hca_data$labels <- authors TR
> theme_set(theme_gray(base_size=12, base_family="HiraKakuProN-W3")) o EE
> ggdendrogram(hca_data, rotate = TRUE, size = 2) 0 2 4 6
>
I
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Sentiment analysis X AR HT

* Opinion mining (sometimes known as sentiment
analysis or emotion Al) refers to the use of
natural language processing, text analysis,
computational linguistics, and biometrics to
systematically identify, extract, quantify, and
study affective states and subjective information.
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»1'd really truly love going out in this weather!”

A basic task in sentiment analysis is classifying
the polarity of a given text at the document,
sentence, or feature/aspect level—whether the
expressed opinion in a document, a sentence or
an entity feature/aspect is positive, negative, or
neutral. Advanced, "beyond polarity" sentiment
classification looks, for instance, at emotional

states such as "angry", "sad", and "happy".



 Knowledge-based techniques classify text by
affect categories based on the presence of
unambiguous affect words such as happy, sad,

afraid, and bored.

* More sophisticated methods try to detect the
holder of a sentiment (i.e., the person who
maintains that affective state) and the target
(i.e., the entity about which the affect is felt).



