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abstract

Early Japanese Books recode a larger amount of historical information, thus attracting
researchers to re-organize these books. However, due to the aging processing, some characters
are blurred, dirty, and often partial, which increases the difficulty of automatic document re-
organization. We challenge to repair the damaged character by applying the Generative
Adversarial Network (GAN), for assisting book re-organization. In detail, unsupervised Image-
to-Image translation of GAN methods such as DTN, cycleGAN, discoGAN, and UNIT are
employed. The quantitative evaluation has proved the feasibility of the proposal.
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